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Abstract

In conventional T, mapping, the acquired images are registered prior to T, estimation. The interpolation involved in the registration step, however, introduces bias

in the T, estimates. We propose a joint motion correction and estimation method that estimates the motion model parameters and the T, values simultaneously,
using a Maximum Likelihood approach. Results from synthetic experiments show a bias reduction compared to prior registration as well as more accurate motion
parameter estimation.
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Maximum Likelihood estimator (MLE)
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DISCUSSION M registration introduces bias in the T, map

Error in the motion parameter vector estimation
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2) Global optimization method to obtain the MLE. 3) Real data testing.
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